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BEYOND KAPPA AND ALPHA: A SIMPLE BUT EFFECTIVE METHOD FOR

ANNOTATION AGREEMENT MEASUREMENT AND PREDICTION

Experiment 1: inter- and Intro-annotator
(dis)agreement measurement with AAD
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Dataset: 94 video clips centred around the topic Reviewfrom YouTube, reviewed
and selected to be rich in authentic emotional expressions.
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Experiment 2:

&

(dis)agreement prediction with AAD

Dataset: DynaSent, more than 100,000 textual instances with 5 annotators.
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Binary label Wan's Ours

disagree 067 0.77
disagree 0.67 1.26
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Experiment: fine-tuning a RoBERTa-base model with a fixed learning rate 1e-5,
and batch size 8 for 10 epochs, using NVIDIA Tesla V100-SXM2-16GB GPUSs.
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2. Most instances

are annotated with
identical emotions.
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Wan's 41.71 32.]1 0.097
ours 51.64 32.5 0.072
Instances acc fl precision  recall
Reg- 94 60.64  38.57 64.26 61.14
Rega 94 45.74  30.97 34.07 32.89
label-1 31 N/A  50.57 39.29 70.97
label-2 13 N/A  24.00 25.00 23.08
label-3 2 N/A 0 0 0
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During the training
process, our AAD-
based rating
strategy seems to
perform better in
terms of accuracy
and MSE,

In the results, our

AAD-based rating

still outperforms
the other.

Predictions on the
94 instances.
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